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Does the number of mental health professionals per county affect the number of poor

mental health days? What lifestyle factors can influence poor mental health days?
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Importance: Understand individual lifestyle factors contributing to poor mental health to
influence habit formation and improve the American mental health crisis.

Ratio of Population to Mental Health Providers

Data Source: Used the 2024 County Health Rankings & Roadmaps Dataset created and
published by the University of Wisconsin Population Health Institute

Map of response variables shows trends across US.
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e Large amounts of variation within states

Our best model contains four statistically significant predictors

Model Tested on South Dakota Counties Conclusions
®  Ratio of Mental Health Providers to Population does not affect

We trained 10 different models and choose a linear model as the best to predict Poor Mental Health Days because it is the most
optimal in processing large amounts of data without sacrificing a statistically significant amount of performance

Predictors Estimates___CI » | health d
Performance metrics of models Linear Relationship between Response and Predictor Variables (Intercept) 415 411-418 <0001 ) poormental health days
= p ®  Best predictors of poor mental health days are Frequent Mental
g, 2 Frequent Mental Distress 080 0.54-1.06  <0.001 . dull ki hysical ivity. Adult Obesi
. w=b gt ==b=l— g &7 raw value Distress, Adult Smoking, Physical Inactivity, Adult Obesity
. . . ; s E At Smokig mwvilie. 030 GE0—001 6043 ®  Just because a model is more complex, does not mean it is a better
g choice
—— o —— % E Physical Inactivity raw 000 -0.18-0.18 0993
L] ——g— L S L z. z value
P ~ . £ £ Adult Obesity raw value ~ -001  -009-007 0865 Limitations
! e Can not compare across states due to data collection methods
amr — —_— . 8 !
Model Tested on Arkansas Counties e Small sample size for county level analysis
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e Focus on individual patient data if accessible
e Understand variability in state mental health policies and
regulation
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