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o concentrated PP 9Nty e We discover arising trend in the U.S. drug overdose death rate in the years 2019
e There are associations among to 2022, both overall and at a county level.
\ several variables (Figure 5) e We obtain useful features that correlate with high drug overdose on a county
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level and investigate the sign of their correlations.
] year Figure 5: Correlation plot for variables . - . - . .
Figure 1: The amount of suppressed data (red) versus present e QOur analysis indicates that our qualitative findings are not strongly affected by
data (blue). . .
ata (blue) missing data values.

*https:/www.countyhealthrankings.org/explore-health-rankings/rankings-data-documentation



