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Background & Introduction Analysis & Results

Caroline Hewins is a notable 19th-century American librarian who
made substantial contributions to children’s library services. She is
considered the founding mother of children’s literature categorization;
she provided children’s literature categories to thousands of books.

e As an example, the generated network for the HOME genre produces a scatter of
nodes (texts) with edges (shared topics) between them.

e With regards to outliers, we found that a group of 22 books, all written by Abbott,
stood out from the rest. The oddity of the texts signifies the author’s distinct style of

The goal of our research is to: writing. A potential explanation is Abbott’s intention of a younger audience when

e Analyze if the genre categories identified by Hewins align with writing.
the unsupervised identification of document groupings.
e Find the main differences between Hewin’s classification and
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Figure 3: Heatmap and dendrogram with 30 clusters

e Extract 25 topics from all documents using LDA. CO"CI UsSIons

e (Generate a network with documents as nodes and the number of shared topics
among nodes as edges

e Cluster network based on edge betweenness: edge betweenness of an edge
(u,v) measures the proportion of shortest paths between any pair or nodes that
pass through (u,v). The edges with higher edge betweenness are more likely to Refe rences
connect separate clusters.

e Affinity Propagation Clustering: Clustering based on the ‘message passing’
between data points without predetermined the number of clusters. Utilized word

Genres identified by Hewins generally align with the results from the unsupervised classification, but some groups of outliers appear.
Specifically, works of Dickens and Abbott are identified differently using unsupervised classification.

e Cluster edge betweenness:https://ieeexplore.ieee.org/abstract/document/6019678
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